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Paradigm Shift in Decision-making in the Era of
Large Language Models
HE Sai-ke, ZHANG Pei-jie, ZHANG Wei-guang, YU Shi-wei, ZENG Da-jun

Abstract: Large language models (LLMs), represented by ChatGPT, have significantly impacted and
challenged traditional decision-making paradigms. In the era of big data, decision models are often
small, characterized by simplified decision-making factors, limited decision-making scenarios, and
closed decision-making spaces. However, real decision-making scenarios constitute a cyber-physical-so-
cial system (CPSS) with intricate interconnections and high complexity in decision-making environ-
ments, decision makers, and audience cognition and behavior. This complexity makes it difficult for
small models to capture the underlying mechanisms of decision-making scenarios. lLarge language mod-
els, with their fluent language generation, wide adaptability to various scenarios, comprehensive
knowledge coverage across domains, and natural human-machine interaction capabilities, are driving
the transformation of decision-making paradigms from computable decision-making to intelligent deci-
sion-making. This transformation encompasses four main aspects; data sources, decision-making ecol-
ogy, decision-making models, and decision makers. In the face of the above paradigm shift, it is es-
sential to focus on three areas: the construction of intelligent decision-making paradigms, the develop-
ment of intelligent decision-making theory, and the research and development of ubiquitous decision-
making reasoning engines. These efforts will accelerate the upgrade of intelligent decision-making across
generations and achieve “decision-making superiority”.

Key words: intelligent decision-making; large model; ChatGPT; decision-making paradigm
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